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The evolution of social media texts – such as blogs, micro-blogs (e.g., Twitter), 
and chats (e.g., Facebook messages) – has created many new opportunities for 
information access and language technology, but also many new challenges, 
making it one of the prime present-day research areas. Automatic processing of 
these types of texts warrants new strategies, in particular since they often are 
very ‘noisy’, that is, they are characterized by having a high percentage of 
spelling errors and containing creative spellings (gr8 for ‘great’), word play 
(goooood for ‘good’), abbreviations (OMG for ‘Oh my God!’), Meta tags (URLs, 
Hashtags), and so forth. So far, most of the research on social media texts has 
concentrated on English, whereas most of these texts now are in non-English 
languages. In social media, non-English speakers do not always use Unicode to 
write in their own language, they use phonetic typing, frequently insert English 
elements (through code-mixing and Anglicisms. See the following example 1), 
and often mix multiple languages to express their thoughts, making automatic 
language processing of social media texts a very challenging task. Thus it is 
clear that even though English still is the principal language for web 
communication, there is a growing need to develop technologies for other 
languages. Here we will concentrate on social media text in Indian languages, a 
nation with more than 20 official languages. ICON is a well-established 
gathering for the industrial and academic research communities both 
internationally and in India. Therefore, we believe that it is the best place to 
bring research attention towards developing language technologies for Indian 
social media text. The workshop will hold an embedded tutorial on code-mixing 
in social media. The three primary goals of the proposed workshop are: 
 
1. To focus community awareness on language technologies for Indian social  
    media. 
2. Sharing of corpora and resources to promote future research. 
3. Exchange of ideas and experiences amongst researchers. 
   
           Example 1. ICON isbar Goa mein ho raha hai! Great chance to visit Goa! 
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Code-mixing, or mixing of more than one language in a single conversation or 
utterance is a common phenomenon in any multilingual society. Extreme 
multilinguality of India makes code-mixing extremely common on social media 
content posted in Indian languages and by Indian users. In this tutorial, we will 
talk about why code-mixing is, on one hand a computational challenge that 
must be solved to effectively process IL  content, and on the other hand, a 
wonderful linguistic resource for studying several allied phenomena. The 
tutorial will also introduce some basic NLP techniques for code-mixed data. 
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As machine translation (MT) systems mature and are used for practical 
purposes, automatic quality estimation (QE) of their output acquires increasing 
importance. We present an outline of the work on MTQE and derive some 
conclusions. MTQE starts where the MT system has finished. It is the 
estimation of the quality of output of an MT system and it has to go beyond 
what the MT system has already considered, which is usually quite a lot. 
Researchers have been trying all kinds of information and techniques to get 
good quality estimates. Quality is something that even human beings do not 
always agree about. The degree of disagreement is remarkable, and it naturally 
makes the problem harder. 
 
 
Like any NLP problem, MTQE has many aspects and is related to other 
problems. At present, it is at a stage where deployability is still a challenge. We 
discuss, how it being a typical NLP problem, the insights gained from it can 
often be easily transferred to other problems, and vice-versa. MTQE requires 
both statistical techniques and linguistic knowledge in some form. Learning to 
do MTQE well may be a good starting point for those who are just stepping in to 
the area of NLP. 
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With the world becoming a smaller place in the current times of fast 
connectivity and better communications, tackling  multilinguality, undoubtedly, 
poses a great challenge. After the discovery of the Rosetta stone in 1799, 
parallel corpora has proved to be a powerful ally to understand and propagate 
linguistic knowledge and structure across languages and deal with this 
challenge of multilinguality. For a select few resource-rich languages, such as 
English, annotated corpora and highly-accurate tools for various NLP tasks 
have become readily available since quite sometime. However, not all languages 
have enjoyed a similar investment in terms of linguistic resources and tool 
development. For the large majority of the world’s languages, resources such as 
treebanks, part-of-speech taggers, and parsers do not exist. One solution to this 
NLP-resource disparity is the idea of Projection, which essentially stands for 
transferring linguistic resources, tools, and domain knowledge from resource-
rich languages to resource-impoverished ones. In recent years, there has been a 
considerable amount of work on this paradigm across almost all layers of NLP, 
and have shown promising results when compared to unsupervised methods, 
and are cost-effective with respect to supervised methods.  
 
In this tutorial we will delve into projection techniques for various tasks across 
the NLP layers, starting from morphology to discourse. At the morphological 
level, we will discuss cross-lingual propagation in the context of morphological 
segmentation, i.e., segment a word into its basic units of meaning – 
morphemes. In POS tagging, we will discuss graph-based label propagation for 
cross-lingual knowledge transfer. We will then move on to bilingual parsing, 
where we will look at source transfer (direct and constraint-driven) of 
delexicalised parsers, joint parsing and alignment with weakly synchronized 
grammars, and creation of parallel treebanks by bilingually-informed parsing. 
Next, we will look at adaptation techniques based on language similarity or 
closeness. We will discuss the use of language closeness in building NLP  
Applications for a resource poor language by exploiting existing resources in a 
related language or a language variant.  
 
 
 
 
 
 
 
 
 
 
 
 
 

 


